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Introduction | ameness Detection Device Binomial Classification Results

Early detection of lameness is important
for dairy farmers to enhance profits and
animal welfare. Database consists of
lameness score and 76 limb movement
variables (LMVs) relating to a cow's
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To find piecewise transformations, let A MC = misclassitication
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. . . (true negative rate). Multinomial AUC e Multinomial model produces a more
regression on basis for each variable . . . .
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e Continuous: constrain intercepts .
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